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Motivation

Development of data integration tools:

High-quality
test datasets

Test data
generators

Static test data
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Key Determination

Hyucc Y
— Key profiling algorithm
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Splitting

Vertical split:
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Horizontal split:

Block overlap:
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Normalization

Normalize "
— schema normalization algorithm

For each dataset:
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Schema Noise
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Data Noise

SYDAG
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Merging
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Shuffling

e Shuffle rows:

e Shuffle columns:
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Output Generation
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Datasource Select Noise Options for Data

For each dataset, choose whether to add noise to the data. If enabled, specify the error methods.
Select Mode

Select Split
Dataset A Dataset B

Select Structure ) Enable Noise ) Enable Noise

[_) Break Key Constraints | Break Key Constraints

Select Schema Noise
Dataset A Error Methods Dataset B Error Methods

Datasource Upload your Dataset \

Please provide a CSV file. Selected:
Select Mode Select Shuffle
CSV File Percentage of noisy Columns/ Rows

Select Split Mo el Summary —_—

Percentage: 26 %

(Select All)
replaceWithSynonyms

Select Structure addRandomPrefix
Does the CSV file have headers? Percentage of noisy entries in Column/ Row replacewithTranslation
o pblumn/ Row

Select Schema Noise shufflewords

No

Percentage: 12 % generateMissingValue

Select Data Noise .
Separator generatePhoneticError

Select Shuffle generateOCRError
changeFormat

Summar
Y Quote Character

Go Back Next Step
Escape Character

Next Step
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Evaluation

1.0 I Levenshtein Matcher

B Jaccard Matcher
B Distinct-Count Matcher

4 datasets

* 3 complexity levels 0.8
- 12 integration scenarios .
5 0.6
° - . =
F-Measure: Z 0.

* Averaged across datasets

0.2 1

0.0-

1 2 3
Complexity Level
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Summary

Future directions:

e Extend evaluation

* Different input-formats

e Performance

Upload your Dataset

Does the CSV file have headers?

No

Separator

Quote Character

Escape Character

Select Noise Options for Data

For each dataset, choose whether to add noise to the data. If enabled, specify the error methods.

Dataset A Dataset B
] Enable Noise () Enable Noise

| Break Key Constraints Break Key Constraints

Dataset A Error Methods Dataset B Error Methods

Selected:

Percentage of noisy Columns/ Rows

) (select All)

| replaceWithSynonyms
Percentage: 55 %
& addRandomPrefix

Percentage of noisy entries in Column/ Row | replaceWithTranslation

® lumn/ Row
@ shuffleWords

P - 23 %
SLEEE0E ] generateMissingValue
| generatePhoneticError

| generateOCRErTor

| changeFormat
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